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Abstract

In general, neural networks are widely used for the category classification. But
when low contrast images, such as multispectral images, are used as the input of
neural networks, neural networks converge verv slowly and are of bad performance.
To overcome this problem, we propose a new image enhancement method which
consists of smoothing process. finding the main valley and enhancement process.
And the enhanced images by the proposed method are used as the input of neural
networks for the category classification. When the new category classification
method is applied to multispectral LANDSAT TM images, we verified that neural

networks converge verv fast and overall category classification performance 1s

improved.
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Table 1. Classification performance of all category

non-enhnaced image enhanced image
mountain 96.85% 98.31%
field 96.84% ‘ 97.96%
ground 95.92% 97.06%
river 99.25% 99.50%
sea 97.50% 98.96%
urban 97.43% 99.06%
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