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Alternative Estimation of Multivariate ‘Errors

in variables’ Regression Model.
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Abstract

The underlying model;
X=E-+E, E=(ey, e, e~NQ,o,)
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Where F has the same distribution as E, (X', Y”) is observation matrix, E=(&, --£),
B and o* are unknown parameters, was proposed by Gleser and Watson # and studied
by Bhargava.? They gave the estimators of B, E and 4? by the maximum likelihood

method under the assumption of normality as belows;

E=LL'X+LM'Y
(2 [

B=ML-
Fr=Cnp) Y trW—trD)
where W= (‘;}) (XY, <I\‘4_]g (ﬁ] g) B (DO

in the ordinary spectral form.
In this note, We try to reduce the dimension to a scalar {rom by the linear combination
of observations in crder to estimate B and consider an ordinary multivariate linear model

for E, o% As the conclusion, We have the same estimators for B, without the assumption
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of normality, but &= 17 0% Which is consistent for o*,
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